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Abstract 

 

This study aims to examine the influence of health, per capita expenditure, population density, 

labor force, communication expenditure, and inflation on poverty across 34 provinces in 

Indonesia. The research employs a dynamic panel data method using the Generalized Method 

of Moments (GMM). The type of data used is secondary data obtained from the Central Bureau 

of Statistics (Badan Pusat Statistik/BPS) and Bank Indonesia (BI). The independent variables 

in this study include health, per capita expenditure, population density, labor force, 

communication expenditure, and inflation, while the dependent variable is poverty. The results 

indicate that health, per capita expenditure, labor force, and communication expenditure have 

a negative and significant effect on poverty. Conversely, population density, inflation, and the 

lag of poverty have a positive and significant effect on poverty in Indonesia. 
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INTRODUCTION 

Poverty is a fundamental issue that continues to be a major concern in the global 

development agenda, especially in developing countries such as Indonesia (Pamungkas, n.d.). 

The United Nations Statistics Division (2023) report notes that around 689 million people in 

the world still live on less than $1.90 per day, signaling the massive challenges in overcoming 

poverty globally. In Indonesia itself, the Central Bureau of Statistics (BPS) has formulated a 

national poverty standard based on the basic needs method, which is the minimum amount of 

rupiah to meet food and non-food needs. In 2019, Indonesia's poverty line stood at Rp425,250 

per capita/month and continued to rise until March 2024, reaching Rp582,932 per 

capita/month. This phenomenon shows the complex socio-economic dynamics of Indonesian 

society, where most of the population has not been able to access a decent life due to various 

limitations (Putri, n.d.) 

(Carorina, n.d.)Poverty is not only a matter of economic inability, but is also influenced 

by the low quality of human resources, limited access to education and health, and the lack of 

opportunities to obtain decent work. A poverty cycle is formed when low income leads to 

limitations in accessing adequate education and health services, thus worsening people's future 

productivity and income (Solehah, n.d.). With the world's fourth-largest population and an 

abundance of natural resources, Indonesia should have great potential to escape poverty. 

However, the East Asia and the Pacific Economic Update report (2022) ranked Indonesia as 

the 73rd poorest country in the world, indicating a significant gap between potential and 

realized development (BPS, 2024). 

The Indonesian government has pursued various programs to reduce poverty. The 

poverty reduction target of 7-8% in 2019, for example, was only able to reduce the proportion 

of poor people from 10.96% (2014) to 9.22% (2019), and down again to 9.03% in March 2024. 

A decline of 1.55% over five years and only 0.38% in the last five years indicates a slowdown, 

far from the expected target (BPS, 2024). Data from the Ministry of Home Affairs states that 

Indonesia's population reached 282.4 million in the first semester of 2024, up from 277.5 

million in the previous year. Population growth that is not matched by the availability of jobs, 

health services, and other basic infrastructure, makes it increasingly difficult for people's basic 

needs to be met, so the poverty rate remains high in absolute terms-at around 25.22 million 

people in 2024. 
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   Source: Badan Pusat Statistik 2024, (data processed) 

Figure 1.  

Percentage of the Poor in 34 Provinces in Indonesia 2015-2023 

 

The distribution of poverty in Indonesia also shows clear disparities between regions. 

Provinces in Eastern Indonesia such as Papua (26.03%), West Papua (20.49%), East Nusa 

Tenggara (19.96%), and Maluku (16.42%) have the highest poverty rates, far above the 

national average (BPS, 2023, p. 4). Most of the poor live in rural areas and work in the 

agricultural sector, which generally has low productivity and income. The graph of the 

percentage of poor people 2015-2023 in 34 provinces shows a fluctuating trend, indicating a 

challenge that has not been resolved despite various policies and interventions by the 

government (Hidayanti, 2023). 

(Nova, 2023)The dynamics of poverty in Indonesia cannot be separated from a number 

of multidimensional factors, including: the quality of public health, the level of per capita 

expenditure, population density, the amount of labor absorbed, expenditure on communication 

and access to technology, and the inflation rate. Previous empirical studies confirm the 

importance of the relationship between these variables and poverty. For example, poor health 

has been shown to increase people's vulnerability to poverty, while an increase in per capita 

expenditure is negatively correlated with poverty levels (Sriyana et al., 2021). Population 

density and inflation are also often cited as key determinants that exacerbate poverty, especially 

in regions with high population growth and unequal resource distribution (Anderesta, 2019) 

(Ruslan et al., 2023)Conceptually, poverty is not only influenced by macroeconomic 

factors, but also social, demographic, and technological aspects. The development of 

information and communication technology (ICT) in the digital era opens up new opportunities 

in poverty reduction through increased access to information, education, and the labor market 

(Lundini, 2024). However, if not balanced with digital literacy and equitable access, 

communication expenditure can actually become an additional burden for poor households. In 

addition, uncontrolled inflation will reduce the purchasing power of the poor, making it more 

difficult for them to fulfill their basic needs. Therefore, a comprehensive analysis of the 

determinants of poverty is very important to formulate more effective and evidence-based 
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policies (Choirunnisa & Khoirudin, 2024). 

(Ghannili, 2024)Previous studies have indeed examined many factors affecting poverty 

in Indonesia, but most of them are still partial and have not taken into account the dynamic 

interaction between variables simultaneously at the provincial level in the long term. Some 

studies, such as those conducted by Adhitya et al. (2022) and Nuryana & Unggul Priyadi 

(2024), emphasize more on the influence of education, health, or labor separately, while the 

influence of other variables such as communication expenditure and inflation is often ignored 

or only analyzed descriptively. (Yan et al., 2025)In addition, there are still limitations in the 

use of dynamic panel analysis models that are able to capture the long-term effects and 

dynamics of interrelationships between variables in influencing poverty (Siregar, 2023). 

Based on this background, this research offers a new contribution by analyzing the 

determinants of poverty simultaneously using a dynamic panel data approach (Generalized 

Method of Moments, GMM) in 34 provinces in Indonesia in the 2014-2024 time span. This 

model allows researchers to identify the effect of health (measured by Life Expectancy), per 

capita expenditure, population density, labor, communication expenditure, and inflation on 

poverty rates empirically, taking into account lag effects and dynamic relationships between 

variables (Nasarudin, 2024). Thus, this study is expected to fill the gap in the literature related 

to the comprehensive analysis of dynamic panel-based poverty at the national level and provide 

evidence-based input for the formulation of more precise poverty alleviation policies. 

This study aims to: (1) analyze the effect of health, per capita expenditure, population 

density, labor force, communication expenditure, and inflation on poverty in 34 provinces in 

Indonesia over the past decade; (2) identify which variables are most significant in reducing or 

increasing poverty; and (3) develop relevant policy recommendations based on the empirical 

findings. With a broader scope of analysis and a more robust methodological approach, this 

research is expected to not only contribute to the development of development economics 

theory, but also provide practical insights for central and local governments, social institutions, 

and economic actors in a joint effort to reduce poverty in a sustainable manner. 

The main problem formulation in this research is: How do health, per capita 

expenditure, population density, labor, communication expenditure, and inflation affect the 

poverty rate in Indonesia from the perspective of a dynamic panel of provinces during 2014-

2024? By answering this question, the research is expected to be able to identify strategic 

leverage points that can be utilized to accelerate poverty reduction and improve community 

welfare inclusively in all regions of Indonesia. 

 

RESEARCH METHOD 

This research uses a quantitative approach with a dynamic panel data design to analyze 

the factors that influence poverty in Indonesia. The scope of the study covers 34 provinces in 

Indonesia during the period 2014 to 2024, so that the data analyzed includes time series and 

cross section for 11 years. The type of data used is secondary data sourced from official 

publications of the Central Statistics Agency (BPS), Bank Indonesia, World Bank, and 

supported by data from Databoks and other relevant sources such as national and international 

scientific journals. The dependent variable in this study is the poverty rate, while the 

independent variables include health (measured by Life Expectancy Rate/AHH), per capita 

expenditure (in rupiah), population density (people/km²), number of workers (in percentage), 

communication expenditure (in rupiah for ICT access), and inflation rate (in percent based on 

the Consumer Price Index/IHK). 

Data collection was done by accessing annual datasets from all provinces in Indonesia 

according to the variables studied, and cross-verifying between sources to ensure data validity 

and reliability. (Nurjanah, n.d.)The operational definition of variables is explained in detail: 

poverty is measured based on the number of poor people according to the BPS poverty line, 
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health with AHH, per capita expenditure as total household consumption per member, 

population density as the ratio of population per area, labor force as the proportion of the labor 

force that is employed, communication expenditure as total household expenditure for ICT 

access, and inflation as the percentage change in the CPI. 

Specifically, the model used in this study is as follows: 

IG 𝑖𝑡=∝ 𝛽 IG𝑖𝑡 -₁+𝛽 KES IG𝑖𝑡+𝛽𝑖𝑡+𝛽 PP KP TN𝑖𝑡+𝛽𝑖𝑡+𝛽𝑖𝑡+𝛽  PK 𝑖𝑡+ 𝛽 INF 𝑡+ 𝜀𝑖𝑡 

With: 

𝑖 : number of observations 

𝑡 : number of times, 

𝛽Kes𝑖𝑡 : Health 

𝛽IG𝑖𝑡  : Poverty 

𝛽PP𝑖𝑡  : Per Capita Expenditure 

𝛽KP𝑖𝑡  : Population Density 

𝛽TN : Total Labor Force 

𝛽PK : Communication Expenditure 

𝛽INF : Inflation 

 

(Rozaki & Afiatno, 2024)Data analysis was conducted using the Generalized Method 

of Moments (GMM) method, specifically the System GMM (SYS-GMM) approach, to 

overcome potential bias due to endogeneity, autocorrelation, and heteroscedasticity in dynamic 

panel models. The analysis process begins with a stationarity test using the Hadri Unit Root 

Test to ensure that all variables are stationary. Next, model estimation was conducted using 

Stata software version 17, including instrument validity test (Sargan test), model consistency 

test (Arellano-Bond Test), and estimator unbiasedness test by comparing SYS-GMM results to 

other estimators such as FEM and CEM. The best model was selected based on three main 

criteria: instrument validity, consistency of results, and estimator unbiasedness (Angelika et 

al., 2024). 

 

 

RESULTS ND DISCUSSION 

The Development of Poverty in Indonesia 

Poverty is a situation that a person experiences in a limited way that occurs not because 

of the will of the person concerned. People who are said to be poor are characterized by low 

education, work productivity, income, health and nutrition, and the welfare of their lives which 

shows a circle of helplessness. Poverty also occurs because of the limited resources that 

humans have both through formal and non-formal education channels which ultimately have 

consequences. In this study, the poverty variable uses the number of poor people according to 

34 provinces in Indonesia in 2014-2024 in thousands of people as shown in the following table: 

 

 

 

 

 

 

 

Table 1.  

Number of Poor People (Souls) 2014-2024 
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Source: BPS, data processed (2025) 

The table above shows the decrease and increase in the number of poor people each 

year in 34 provinces in Indonesia, Java dominates the highest number of poor people such as 

West Java has a number of poor people in 2024 of 3848.7 people even though in 2022 it had 

decreased. The provinces with the lowest number of poor people, namely Riau Islands and 

North Kalimantan from 2022-2024, continue to experience a decline and several provinces that 

tend to stabilize and even decrease poverty rates, namely North Sumatra and Bali. Health 

Development in Indonesia 

Health Development in Indonesia 

Every year, around 178 million people in the world struggle to pay for health care, and 

100 million of them fall into extreme poverty because they have to sell assets for treatment. To 

achieve a healthy family, the Indonesian Ministry of Health sets 12 indicators, including 

participation in family planning programs, delivery in health facilities, complete basic 

immunization, exclusive breastfeeding, monitoring toddler growth, and treatment for 

tuberculosis, hypertension, and mental disorders, plus not smoking, JKN membership, and 

access to clean water and healthy latrines. According to WHO, global life expectancy in 2018 

reached 72.5 years, while in Indonesia it was 71.5 years, and this increase was influenced by 

healthy living habits and positive attitudes towards health from a young age. 

 

 

Table 2.  

Life Expectancy by Province in 2014-2024 
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Source: BPS, data processed (2025) 

The province that has the highest UHH is Yogyakarta, which from 2014 has a UHH of 

74.5 and continues to increase until in 2024 UHH 75.22 years and other provinces also such as 

East Kalimantan, West Java and Central Java. UHH in Indonesia from year to year has 

increased with the chances of survival in each being between 69-71 years. This is characterized 

by the level of public awareness of the importance of maintaining health and utilizing available 

health facilities. 

Development of Per Capita Expenditure 

Per capita expenditure, adjusted for the consumer price index and declining marginal 

utility, reflects people's purchasing power and is used as an indicator of living standards. Food 

expenditure is calculated from consumption during the past week, while non-food expenditure 

is calculated from consumption in the past month or year and converted to a monthly average. 

As one of the important components, per capita expenditure gives an idea of the level of human 

development in a region. 

 

 

 

 

 

 

 

 

 

 

Table 3.  

Food and Non-Food Per Capita Expenditure (Rupiah) 2015-2024 
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Source: BPS Indonesia, data processed (2025) 

Based on data from 2015-2024, the provinces of DKI Jakarta, North Maluku, Bengkulu, 

Bali, West Papua and East Kalimantan recorded the highest average increase in per capita 

expenditure in Indonesia. In contrast, East Nusa Tenggara, West Sulawesi and Central Java 

have the lowest average per capita expenditure, which is less than IDR1,600,000 per month. In 

general, per capita expenditure in Indonesia continues to increase in line with positive 

economic growth, which has led to an increase in people's income and a shift in spending away 

from basic needs towards other sectors such as entertainment and education. 

Population Density Development 

Population density is a measure of how many people live in an area within a square 

kilometer of territory. Areas that have more physical and human resources will be more 

populated. 

Based on the results of the Population Census of the Central Bureau of Statistics, 2022 

in the report on population growth and distribution in Indonesia 57.5% of the population density 

is dominated by Java Island and the least province is West Papua Province. Every year the 

population of Indonesia continues to increase. BPS reported that the population density in 

Indonesia is estimated to reach 14.27 people/KM2in 2023. The following population density 

data is presented in the following table: 

 

 

 

 

Table 4.  

Population Density (People/KM2) 2014-2024 
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Source: BPS Indonesia, data processed (2025) 

DKI Jakarta is the province with the highest population density, reaching 16,158 

people/km² in 2022, while West Papua is recorded as the lowest, with only 9 people/km² in 

2014 and increasing to 12 people/km² in 2022. Nationally, Indonesia experienced a consistent 

increase in population density during 2014-2024, although it stagnated in 2019-2020 due to the 

initial impact of the COVID-19 pandemic. After that, the density trend increased significantly 

again. Population growth that continues to rise amid a fixed area poses challenges in the 

implementation of development, so optimal efforts are needed in equalizing the population 

between regions. 

Labor Force Development 

Labor is the population of working age (15-64 years) or the entire population in a country 

that is capable of producing goods and services if there is a demand for their labor. The current 

labor market demand is influenced by demographics, which specifically increases the 

proportion of the working-age population. 

 

 

 

 

 

 

 

 

 

 

Table 5.  

Total Workforce (%) 2014-2024 
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Source: BPS Indonesia, data processed (2025) 

Based on BPS data, the 2021-2024 period recorded an increase in the number of labor 

force of 7.56 million people or around 5.39%. In February 2024, there were 149.37 million 

labor force members (69.80% of the total working-age population), with 7.2 million people or 

4.82% still unemployed. Historically, the number of workers in Indonesia declined in 2014-

2016, then experienced steady growth until 2019 before declining sharply due to the COVID-

19 pandemic in 2020. However, from 2021 to 2024, the labor market showed a strong recovery 

with a consistent upward trend in the number of workers. 

Communication Expenditure Growth 

Telecommunications is now a staple of society, with global internet access in 2019 

reaching 50-75% of the population and more than 57% of households having an internet 

connection. In Indonesia, in 2021 there are around 63  millennials (23.8%) with 77.3% active 

on social media, especially WhatsApp, YouTube, and Instagram. The majority of children aged 

5 years and above also regularly access the internet. The World Population Review 2023 notes 

Indonesia as the fourth-largest global internet user, with 204.7 million users who spend an 

average of 143 minutes per day on social media. The APJII 2023 survey shows that people's 

internet spending ranges from Rp100,001-Rp250,000 per month. This research will explain 

further through related variables. 

 

 

 

 

 

 

 

Table 6.  

Communication Expenditure in 34 Provinces (IDR) 2016-2024 



Indonesian Interdisciplinary Journal of Sharia Economics (IIJSE)               Vol. 8. No. 3 (2025) 

e-ISSN: 2621-606X        Page: 11432-11449 

  

Analysis of Factors Affecting Poverty….. 11442 

 
 

Source: Bps, Indonesia data processed (2025) 

The table above shows that all provinces in Indonesia experienced an increase in 

telecommunication expenditure during 2016-2024, reflecting the expansion of infrastructure 

and public awareness of the importance of communication services. However, on the other 

hand, uncontrolled communication expenditure can become a burden for poor households. The 

provinces with the lowest expenditure in 2024 are NTB and NTT, at IDR93,676 and 

IDR107,187 respectively. Nationally, communication expenditure increased from around 

Rp100,000 to Rp200,000 per month, and even touched almost Rp210,000 during the pandemic 

due to mobility restrictions, WFH, SFH, and increased online activities. This phenomenon is 

also driven by cheaper data access and the emergence of digital applications such as social 

media, e-commerce, and streaming services. 

Inflation Development 

Inflation is a global economic phenomenon that reflects a general rise in the prices of 

goods and services, and in recent decades has tended to occur in a coordinated manner across 

countries. Inflation can be triggered by shocks such as disruptions in food supply, natural 

disasters, or fluctuations in international commodity prices. In addition, inflation is also 

influenced by government policies, such as adjustments to fuel prices, electricity tariffs, and 

public transportation. To measure it, the Consumer Price Index (CPI) is used, which records 

average changes in the prices of household goods and services based on data from the Cost of 

Living Survey (SBH) by BPS. 

 

 

 

 

 

 

Table 7.  

Inflation in 34 Provinces (%) 2014-2024 
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Source: BPS, data processed by researchers (2025) 

Based on BPS data, Indonesia's annual inflation in December 2022 reached 5.51%, with 

monthly inflation of 0.66%. South Kalimantan province recorded the highest inflation of 

6.98%, while North Maluku was the lowest with 3.37%. Nationally, inflation mainly occurred 

in the goods and services group in household expenditure. In 2014-2016, inflation was 

relatively low due to macroeconomic stability and controlled monetary-fiscal policies. 

However, after 2016 inflation started to pick up, and in 2022 there was the highest spike due 

to rising commodity prices, before falling back to a stable level of around 2% in 2023-2024. 

Data Analysis Results 

Unit Root Test 

This study uses a unit root using Hadri's method at the level level. The basis for making 

a decision that the data is stationary can be seen from the probability. It can be said to be 

stationary if the probability value< 0.05. The results of each variable can be seen as follows: 

Table 8.  

Unit Root Test Results Using Hadri Method 

Variable P-Value 

Poverty 0,0000 

AHH 0,0000 

Per capita Expenditure 0,0000 

Population Density 0,0000 

Total Labor Force 0,0000 

Communication 

expenditure 

0,0000 
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Inflation 0,0003 

Source: Processed by researchers (2025) 

Based on the results of the stationary test in the table above, the independent variable 

and the dependent variable do not have a unit root or each variable is stationary and deserves 

to be continued to the next test. 

Estimation of Generalized Method Of Moments (GMM) Model Specifications 

Each dynamic panel data model variable estimation is influenced not only by other 

variables in the same period, but also by the influence of these variables in the previous period. 

Sargan Test 

In the GMM estimation model, the Sargan test is used to ensure that there is no error 

correlation between the model and the instrument used. The results of a significant sargan test 

indicate that the model is considered valid and there is no error correlation. In the sargan test 

the model is considered valid if the chi2 value> 0.05. The following are the results of the validity 

test using the sargan test. 

Table 9.   

Sargan test results 

Sargan Test Prob.chi2 

FD-GMM 0,8885 

SYS-GMM 0,9909 

Source: Processed by researchers (2025) 

Based on the estimation results carried out through the prob. chi2 value on the 

estimation model, it can be seen that the sargan test results with FD-GMM are 0.8885 and SYS- 

GMM 0.9909 with prob.chi2> 0.05 so it can be concluded that the estimation model is valid or 

the validity requirements of the GMM instrument have been met. 

Arellano-Bond Test 

In making a decision, the model is said to be consistent or not affected by 

autocorrelation; it can be seen from the probability value of Z which must be> 0.05. The 

following AB test estimation results have been carried out are as follows: 

Table 10. 

Arrelano-Bond Test Results 

Arellano-Bond Test Z-Count P.Value 

FD-GMM -2.9221 0,0028 

SYS-GMM -1.344 0.1790 

Source: Processed by researchers (2025) 

Based on the FD-GMM test results, it shows that the estimated model has a z-value with 

a value of 0.0028, this value is smaller than α = 0.05. So it can be concluded that the regression 

model is not fulfilled. While the SYS-GMM test results show that the estimated model has a 

large z-value of 0.1790, this value is greater than α = 0.05 so it can be concluded that the 

regression model is fulfilled or the model is consistent in the SYS-GMM test. 
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Unbiasedness Test 

This test is conducted to determine whether the model is said to be good or not in the 

GMM model. The bias test requirement is if the estimated value of FEM<DPGMM<CEM. The 

bias test results on the GMM model are as follows: 

Table 11.  

Unbiasedness Test Results 

FEM FD-GMM SYS-GMM CEM 

0,302485 -0,0789608 0,66171721 0,7268006 

Source: Processed by researchers (2025) 

From the table above, it can be seen that the coefficient value of endogenous lag 1 or 

lag 1 of the poverty variable is 0.066171721, this value is greater than the coefficient of 

endogenous lag 1 in the FEM model, which is 0.302485 and lower than the coefficient value of 

endogenous lag 1 in the CEM model, which is 0.7268006. So it can be concluded that neither 

downward-biased nor upward-biased occurs. Therefore, the System GMM model is the selected 

model because it has met the overidentifying requirements using the Sargan test, consistency 

test, and non-biased requirements. The following is a summary of the best model selected: 

Table 12.  

Summary of Test Results 

Criteria FD-GMM SYS-GMM 

Sargan Test Fulfilled Met 

AB Test Not fulfilled Met 

Unbiased Not met Met 

Source: Processed by researchers (2025)

From the table above, it can be seen that the best model is SYS-GMM because all criteria 

from the assumption test are successfully met. 

Selected Model Estimation Results 

At this stage, based on the results of the Sargan test, validity test and unbiased test, the 

dynamic panel data regression model that meets the best GMM model criteria is the SYS-GMM 

approach. The results of the intercept and slope values for each variable are shown in the 

following table: 

Table 13. 

Sys-GMM Estimation Results 

Variable Coefficient Standard error Probability Z 

Poverty t-1 0,6617172 0,171354 0,000 

AHH -0,5827061 1,029763 0,000 

Per capita expenditure -0,722648 0,0099762 0,000 

Population Density 0,2540377 0,0190018 0,000 

Labor Force -0,5117414 0,403768 0,000 



 

Analysis of Factors Affecting Poverty….. 11446 

 

Communication expenditure -0,0137621 0,0009523 0,000 

Inflation -0,004474 0,0008574 0,000 

Source: Processed by researchers (2025) 

The table above is the result of dynamic panel data regression using the GMM system 

method where the value of the coefficient and probability -z provide a significant level of each 

in accordance with the estimation table attachment that is available. 

The Effect of Previous Period Poverty on Poverty 

The estimation results with the Generalized Method of Moment (GMM) show that 

poverty in the previous period has a positive and significant effect on current poverty. This 

means that an increase in poverty in the previous year will increase the likelihood of poverty 

in the current year. This finding is consistent with the research of Onsay et al. (2025) in Luzon, 

Philippines who found a positive correlation of past poverty, as well as Ilaria and Federico 

(2024) who highlighted the sensitivity of annual poverty measures to the assumption of 

household economic scale in Italy. 

Additional support is provided by Siryana (2020) who states that the success of poverty 

reduction policies in the previous year largely determines the current year's poverty rate. This 

finding confirms the importance of continuity and effectiveness of policy interventions, as well 

as the need for longitudinal monitoring for the evaluation of poverty alleviation programs. 

The Effect of Health on Poverty 

The health variable represented by Life Expectancy (UHH) has a negative and 

significant effect on poverty in 34 provinces in Indonesia. This means that improvements in 

public health can reduce poverty. This finding is supported by Afandi et al. (2024) who 

emphasized the close relationship between poverty and health vulnerability in the ASEAN 

region. Firmansyah (2022) and Nenik (2018) also prove that improving the quality of public 

health directly has the potential to reduce poverty. 

Theoretically, these results are in line with the health capital theory (Bloom, 2021), 

where investment in health means investment in human capital that has an impact on 

productivity, life expectancy, and economic welfare. However, there are empirical differences 

in the studies of Laily (2021) and Ramna (2024) who found the opposite relationship, 

suggesting the importance of local socioeconomic context and public health policies in 

explaining this dynamic. 

 

The Effect of Per Capita Expenditure on Poverty 

Regressions show that per capita expenditure has a negative and significant effect on 

poverty. This means that an increase in per capita expenditure will reduce poverty. This finding 

is consistent with Cruz Martinez (2015), Qurrotu & Purbadharmaja (2023), and Jonas et al. 

(2025), who found that an increase in consumption expenditure is strongly associated with a 

decrease in poverty levels in various countries. 

Theoretically, this is in line with the expectation that an increase in economic welfare 

will have a positive impact on poverty reduction. However, not all studies are in line, such as 

Nurcita (2021), who found that per capita expenditure actually increases poverty. This 

difference could be influenced by the high level of income inequality, as mentioned by Martin 

(2019), so that even though per capita expenditure increases, the poor are not automatically 

lifted from the poverty line. 

Effect of Population Density on Poverty 

Population density has a positive and significant effect on poverty. This result shows 

that the denser an area is, the more the poverty rate tends to increase. Research by Dwi 

Pamungkas (2019), Hilmi & Nasir (2022), and Glorina (2019) reinforces this finding, where 

high population density is associated with slums, poor sanitation, and reduced quality of life. 
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Malthusian theory and Neo-Malthusian views also support this result, namely that 

exponential population growth can exceed the capacity of available resources, leading to 

competition and increased poverty. However, it is important to note that the factors of 

migration and economic concentration in certain regions also amplify this phenomenon. 

The Effect of Total Labor on Poverty 

The number of workers shows a negative and significant effect on poverty, which 

means that as more people work, poverty will decrease. Adelia & Yani Rizal (2024), Rizki 

(2022), and Michael and Raitano (2024) found that high labor force participation increases 

household income and lifts families from the poverty line. 

However, Sudirman (2020) found a different result: the number of workers has a 

positive effect on poverty, especially when dominated by the informal sector with low wages 

and no social security. This suggests that the quality of jobs and the structure of the labor 

market determine the effectiveness of this variable in reducing poverty. 

Effect of Communication Expenditure on Poverty 

Communication expenditure has a negative and significant effect on poverty. The 

greater the communication expenditure (ICT access), the lower the poverty rate. This finding 

is in line with Nabila et al. (2025) and Haider (2017), who assert that the utilization of 

information and communication technology (ICT) can reduce poverty through increased access 

to information, employment opportunities, and economic inclusion. 

Digital inclusion theory emphasizes the importance of equal access to technology for 

inclusive economic growth. However, Angela and Mario (2025) found that the effect of ICT 

on poverty can be positive in certain contexts, depending on socioeconomic conditions and 

specific dimensions of poverty in rural Europe. 

The Effect of Inflation on Poverty 

The results show that inflation has a negative and significant effect on poverty, meaning 

that an increase in inflation reduces poverty-a result that contradicts the hypothesis and most 

of the literature. Massimo (2025) and Norristyo (2017) find that inflation has no significant 

impact on poverty, while Argante and Lee (2021) and Kirkegata (2021) show that high inflation 

worsens poverty, especially for low-income groups. 

Theoretically, welfare economics emphasizes the role of government policies, such as 

subsidies and direct aid, in cushioning the negative impact of inflation on the poor. In addition, 

Keynesian theory emphasizes that inflation due to high aggregate demand can increase prices 

and erode the purchasing power of the poor. 

 

CONCLUSIONS 

Based on the tests that have been carried out, the best GMM dynamic panel data used 

is SYS GMM, the author concludes: 

1. Health has a negative and significant effect on poverty in Indonesia. 

2. Per capita expenditure has a negative and significant effect on poverty in Indonesia. 

3. Population density has a positive and significant effect on poverty in Indonesia. 

4. Total labor force has a negative and significant effect on poverty in Indonesia. 

5. Expenditure communication has a significant negative effect on poverty in 

Indonesia. 

6. Inflation has a negative and significant effect on poverty in Indonesia. 

7. The lag variable of poverty in the previous year has a positive and significant effect on 

poverty in the current year. 
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Suggestion 

After the author conducts research using secondary data, the author's suggestions are: 

1. It is necessary to improve access and quality of health services and preventive health 

programs to break the cycle of poverty. 

2. On the economic side, efforts to increase per capita income through the creation of quality 

jobs, providing support for MSMEs and more equitable income distribution, 

3. Controlling inflation so as to strengthen people's purchasing power and avoid unreasonable 

increases in goods, 

4. Equitable development to reduce population density in certain areas, 

5. Improving quality and productivity through education and training as well as protecting 

workers' rights, utilizing information and communication technology (ICT) through 

expanding access to infrastructure and digital literacy programs so as to open up new 

economic opportunities. 

6. The government needs to evaluate, verify and validate poverty data so that poverty data is 

more reliable and valid so that the impact of poverty reduction in the previous year is 

known and poverty alleviation programs are not mistargeted because the government has 

a crucial responsibility in breaking the cycle of intergenerational poverty. 
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